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The Need ; Precision Medicine in Tx
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Delivering the promise of precision medicine &
In transplantation by Blood Based OMICS
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Can Functional Genomics
Predict Rejection BEFORE
transplant?
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Can Functional Genomics
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Predicting Rejection Immune Risk BEFORE transplant

T N N 2 =t
B m@ ~~~~~~~~~~~~~~~~ A || GS)_
c II ® . .-~ N ® =
llluminaHiSed500 a Mg 7 oM 0
3 Mgl 8
Q | Q 2 Ol >
c es .. m Q
S e - il 2
I11 | il X
|
EXOME SEQ EXOME SEQ
DonorBlood DNA RecipientBlood DNA
Antigens:

Expressed in donor L]
Negative in recipient

4

Drives Immune Response in RecipierRRejection

——|

| W al =
'éﬁxy*(~ ol

' 3‘?{%’““ Pineda et al, Frontiers in Immunology, 2018 :.;:.“ [Q(@QL .




Predicting Rejection Immune Risk BEFORE transplant
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Higher Number of D/R Variants = Higher Risk of Rejectic
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Dim 2
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Non-HLA rejection
variants span all
22 autosomes

HLA variants

- are only on

chromosome 6



Validatedin 123nHLAvariants for AMR prediction:
GWAS datsaset interrogation of 800 donor/recipient
kidney transplant pairs
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szeq Network analysis of Bell repertoires show
greater pretransplant diversityand clonal expansion in
patients who will reject

Post-Transplant
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Understanding pretransplant risk

1.Select the donor-recipient pair with the
lowest risk

2.1l ndependentl|ly assess t he
of rejection (donor-agnostic)

4

Customize therapeutics to
rejection risk



PostTransplantmonitoring for rejection

should be noninvasive,
predictive, specific, and sensitive
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Proprietary
Molecular

A 10+ years of experience
with cfDNA, over 1

million tests performe

Proprietary
Bioinformatics

A >20,000 targets in one reaction, no
custom equipment

A LowDNA input and high yield: as
low as single cell (6pg)

A Single molecule

sensitivity in a tube
of blood

A Proprietary algorithms using HapMap,
TCGA, Cosmic

A Cloud-based algorithms for signal
processing on big data
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Approach does not use transplafgpecific markers and does not require advance
determination of donor or recipient genotypes



